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ABSTRACT 

 

 Cloud computing presents a novel way to enhancement the presented consumption and 

deliverance model for IT services based on the Internet, by providing for sluggishly scalable 

and often virtualized possessions as a service over the Internet. To date, there are a number of 

notable commercial and individual cloud computing services, including Amazon, Google, 

Microsoft, Yahoo, and Sales force. Details of the services provided are abstracted from the 

users who no longer need to be experts of technology infrastructure. Moreover, users may not 

know the machines which actually process and host their data. While enjoying the 

convenience brought by this new technology, users also start worrying about losing control of 

their own data. The data processed on clouds are often outsourced, leading to a number of 

issues related to accountability, including the handling of universally identifiable information. 

Such qualms are becoming a significant barrier to the wide adoption of cloud services. 

Quality of Service (QoS) is a broad term used to describe the overall experience a user or 

application will receive over a network. This paper focused on the review of the various 

aspect of quality of service (QoS) measurements of web services in the clouds. 
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INTRODUCTION  

The cloud is an appearance used to describe a diversity of different types of computing 

concepts that involve a huge number of computers connected through a real-time 

communiqué network such as the Internet. Cloud computing is a term without a commonly 

acknowledged unequivocal scientific or technical explanation. In science, cloud computing is 

a synonym for disseminated computing over a network and means the ability to run a program 

on many connected computers at the same time. The phrase is also, more commonly used to 
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refer to network-based services which appear to be provided by real server hardware, which in 

fact are served up by virtual hardware, simulated by software running on one or more real 

machines. Such virtual servers do not actually exist and can therefore be encouraged around 

and scaled up (or down) on the fly without distressing the end user - arguably, rather like a 

cloud. Cloud Computing is the use of computing resources (hardware and software) that are 

delivered as a service over a network (typically the Internet). The name comes from the 

common use of a cloud-shaped symbol as an abstraction for the intricate infrastructure it 

contains in system diagrams. Cloud computing entrusts remote services with a user's data, 

software and computation. Cloud computing providers offer their services according to 

several fundamental models: infrastructure as a service (IaaS), platform as a service (PaaS), 

and software as a service (SaaS) where IaaS is the most basic and each higher model abstracts 

from the details of the lower models. Other key components in anything as a service (XaaS) 

are described in a comprehensive taxonomy model published in 2009. Strategy-as-a-Service, 

Collaboration-as-a-Service, Business Process-as-a- Service, Database-as-a-Service, etc. In 

2012, network as a service (NaaS) and communication as a service (CaaS) were 

authoritatively included by ITU (International Telecommunication Union) as part of the basic 

cloud computing models, recognized service categories of a telecommunication-centric cloud 

ecosystem. Non-functional performance of cloud services is usually described by quality-of-

service (QoS). QoS is an important research topic in cloud computing. When making best 

possible cloud service selection from a set of functionally equivalent services, QoS values of 

cloud services provide valuable information to assist decision making. In traditional 

component-based systems, software components are invoked locally, while in cloud 

applications, cloud services are invoked remotely by Internet connections. Client-side routine 

of cloud services is thus greatly influenced by the changeable Internet connections. Therefore, 

different cloud applications may receive different levels of quality for the same cloud service. 

In other words, the QoS ranking of cloud services for a user (e.g., cloud application 1) cannot 

be transferred directly to another user (e.g., cloud application 2), since the locations of the 

cloud applications are quite different. Personalized cloud service QoS ranking is thus required 

for dissimilar cloud application which is based on the feedback given by the user. 

 

 LITERATURE REVIEW 

 

Alexandru Iosup et.al [1] has analyzed the recital of cloud computing services for 

scientific computing workloads. They have quantify the presence in real scientific computing 

workloads of Many-Task Computing (MTC) users, who employ slackly coupled applications 

comprising many errands to achieve their scientific goals. Then, they have performed an 

empirical valuation of the performance of four viable cloud computing services including 

Amazon EC2, which was currently the largest commercial cloud. Finally, they have compared 

through trace-based simulation the performance characteristics and cost models of clouds and 

other scientific computing platforms, for general and MTC-based scientific computing 

workloads. Their results indicated that the current clouds need an order of magnitude in 

performance enhancement to be useful to the scientific community, and show which 

improvements should be considered first to address this discrepancy between offer and 

demand. First they have investigated that the presence of an MTC component in offered 

scientific computing workloads, and fond that this presence was noteworthy both in number 

of jobs and in resources consumed. Then, they perform an empirical performance evaluation 
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of four public computing clouds, including Amazon EC2, one of the largest commercial 

clouds currently in production. Their main finding here was the compute performance of the 

tested clouds was low. Last, they compare the performance and cost of clouds with those of 

scientific computing alternatives such as grids and parallel production infrastructures. They 

found that while current cloud computing services were insufficient for scientific computing 

at large, they may still be a good solution for the scientists who need resources instantly and 

temporarily. Bin Xu et.al [2] has used the many user-item subgroups each consisting of a 

subset of items and a group of like-minded users on these items. It was more natural to make 

preference predictions for a user via the correlated subgroups than the entire user-item matrix. 

In their work to find meaningful subgroups, they invent the Multiclass Co-Clustering (MCoC) 

problem and propose an effective solution to it. Then they proposed a unified framework to 

extend the traditional CF algorithms by utilizing the subgroups information for improving 

their top-N recommendation performance. Their approach can be seen as an extension of 

traditional clustering CF models. Systematic experiments on three real world data sets have 

demonstrated the effectiveness of the proposed approach. Their experiments were performed 

on three real data sets: MovieLens-100K4, MovieLens-1M and Lastfm. They run many state-

of-the-art recommendation methods and check whether their top-N recommendation 

performance is improved after using their framework. The experimental results showed that 

using subgroups was a promising way to further improve the top-N suggestion performance 

for many popular CF methods. Gediminas Adomavicius et. al [3] has introduced and explore 

a number of item ranking techniques that can generate recommendations that have 

substantially higher aggregate diversity across all users while maintaining comparable levels 

of suggestion accuracy. Comprehensive empirical evaluation consistently showed the 

diversity gains of the proposed techniques using several real-world rating datasets and poles 

apart rating prediction algorithms. They have conducted experiments on the three datasets 

including Movie Lens (data file available at grouplens.org), Netflix (data file available at 

netflixprize.com), and Yahoo! Movies (individual ratings collected from movie pages at 

movies.yahoo.com), using three widely popular advice techniques for rating prediction, 

including two heuristic-based (user-based and item-based CF) and one model-based (matrix 

factorization CF) techniques. In particular, They have showed that, while ranking 

recommendations according to the predicted rating values has provides a good analytical 

accuracy, they have proposed a number of recommendation ranking techniques that can 

provide significant improvements in recommendation miscellany with only a small amount of 

accuracy loss. In addition, these ranking techniques offer flexibility to system designers, since 

they were parameterize able and can be used in conjunction with different rating prediction 

algorithms (i.e., they do not require the designer to use only some specific algorithm). They 

were also based on scalable sorting based heuristics and, thus, were extremely efficient. They 

have provided a comprehensive empirical evaluation of the proposed techniques and obtain 

consistent and robust diversity improvements across multiple real-world datasets and using 

different rating prediction techniques. 

Greg Linden et. al [4] has used the recommendation algorithms to personalize the online 

store for each customer. There were three common approaches to solving the recommendation 

problem: traditional collaborative filtering, cluster models, and search-based methods. Here, 

author’s compare these methods with our algorithm, which they call item-to-item 

collaborative filtering. Unlike traditional collaborative filtering, their algorithm’s online 

computation scales independently of the number of customers and number of items in the 
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product catalog. Their algorithm produces recommendations in real time, scales to massive 

data sets, and generates high quality recommendations. The author’s observed that the 

recommendation algorithms provide an effective form of targeted marketing by creating a 

personalized shopping experience for each customer. For large retailers like Amazon.com, a 

good recommendation algorithm was scalable over very large customer bases and product 

catalogs, requires only sub second processing time to generate online recommendations, was 

able to react immediately to changes in a user’s data, and makes compelling recommendations 

for all users regardless of the number of purchases and ratings. Unlike other algorithms, item-

to-item collaborative filtering was able to meet this challenge. John S Breese et. al [5] has 

described the various algorithm designed for collaborative filtering, including techniques 

based on correlation coefficient, vector based similarity calculations and statistical Bayesian 

method. They used the two basic classes of evaluation metrics. The first class characterizes 

the accuracy over set of individual prediction in terms of average absolute deviation and 

second class estimate the utility of ranked list of suggested items. This metrics uses an 

estimate of the probability that user will see a recommendation in an ordered list. They have 

presented extensive set of experiments regarding the predictive performance of statistical 

algorithms for collaborative filtering. They found that for wide range of conditions, Bayesian 

network with decision trees at each node and correlation methods outperform Bayesian 

clustering and vector similarity method are good. The preferred method depends on the nature 

of dataset, nature of the application and the availability of votes with which to make 

predictions. They had observed that when there were a few votes, correlation and Bayesian 

networks has less advantage over other techniques. Other consideration has included the size 

of the database, speed of predictions and learning time. Bayesian networks were typically 

having smaller memory requirement and allow for faster predictions than a memory based 

techniques such as correlations. Michael Armbrust et. al [6] has provided a simple formulas to 

quantify the comparability between of cloud and conventional Computing. It also identify the 

major technical and non-technical difficulties such as availability of services, data lock in, 

data confidentiality and auditability etc. and opportunity of cloud Computing. They observed 

that the long dreamed vision of computing as a utility is finally emerging. The scope of a 

utility matches the need of businesses providing services directly to users over the internet, as 

workloads can grow (and shrink) far faster than 20 years ago. It used to take years to develop 

a business to several million customers – now it can happen in months.  

Mukund Deshpande et. al [7] has used the user-based collaborative filtering, which 

wasthe most victorious technology for building recommender systems to date and extensively 

used in many commercial recommender systems. The computational complexity of these 

methods has developed a linearly with the number of customers, which in typical commercial 

applications can be several millions. To address these scalability concerns model-based 

recommendation techniques have been developed. These techniques analyze the user–item 

matrix to discover relations between the different items and use these relations to compute the 

list of recommendations. In their work, they had presented one such class of model-based 

recommendation algorithm. The first algorithm determined the similarities between the 

various items and then uses them to identify the set of items to be recommended. The key 

steps in this class of algorithms were (i) the method used to compute the similarity between 

the items, and (ii) the method used to combine these similarities in order to compute the 

similarity between a basket of items and a candidate recommender item. Their experimental 

evaluation on eight real datasets has showed that these item-based algorithms were up to two 
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orders of magnitude faster than the traditional user-neighborhood based recommender 

systems and provides recommendations with comparable or better quality. They had 

experimentally evaluated the item-based top-N recommendation algorithms and compare their 

performance against the performance of the user-based top-N recommendation algorithm. All 

experiments were performed on a Intel Xeon based workstation running at 1.7GHz, 1GBytes 

of memory, and Linux-based operating system[8]. In this article, they have presented and 

experimentally evaluated a class of model based top-N recommendation algorithms that use 

item-to-item or item set-to-item similarities to compute the recommendations[9]. Their 

findings showed that both the conditional probability-based item similarity scheme and 

higher-order item-based models lead to recommender systems that provide reasonably 

accurate recommendations that were comparable or better than those provided by traditional 

user-based CF techniques. Furthermore, the proposed algorithms were substantially faster; 

allowing real-time recommendations independent of the size of the user–item matrix[10].  

Saurabh Kumar Garg et.al [11] has proposed a framework and a mechanism, which 

measure the quality and prioritize Cloud services. Such framework can make significant 

impact and will create healthy competition among Cloud providers to satisfy their Service 

Level Agreement (SLA) and improve their Quality of Services (QoS). In this work, they used 

the first framework, SMICloud, to systematically measure all the QoS attributes proposed by 

(CSMIC) Cloud Service Measurement Index Consortium and rank the Cloud services based 

on these attributes. They have addressed some key challenges by designing metrics for each 

quantifiable QoS attributes for measuring precisely the service level of each Cloud provider. 

They have proposed an AHP based ranking mechanism which can evaluate the Cloud services 

based on different applications depending on QoS requirements. Their proposed mechanism 

also address the challenge of different dimensional units of various QoS attributes by 

providing a uniform way to evaluate relative ranking of Cloud services for each type of QoS 

attribute.Hyukho Kim et. al [12] has developed a model which collects and analyzes 

reliability based on historical information of servers in a Cloud data center. Then it prepares 

the best available resources for each service request in advance, providing the best resources 

to users. The authors also carried out experiments for reliability analysis with 4 data types, 

including an all data set, random data set, recent data set, and the data set within a standard 

deviation. As a result, using the developed trust model, cloud providers can utilize their 

resources economically and also provide highly trusted resources and services to many users. 

The Cloud system consists of many commodity servers and provides virtualized resources to 

users. However, it needs to reconfigure virtualized resources dynamically when the user 

requests increase unexpectedly. So authors proposed the trust model which analyzes the 

history information of each node and allocates reliable resources according to user requests. It 

can efficiently utilize the limited resources in the Cloud environment and provide reliable 

Cloud services to users. It also has the advantage of providing the requested resource 

immediately because it prepares and selects highly efficient nodes by analyzing the history 

information of each node. Authors experimented on reliability analysis with a diversity of 

data sets, including the all data set, random data set, recent data set, and data set within the 

standard deviation. By doing so, they can increase the reliability of overall Cloud system by 

providing highly trustable computing resources. The above paper will help to develop a model 

which collects and analyzes reliability based on historical information of servers in a Cloud 

data center. Shou-xin wang et. al [13] has proposed a trust model based on Cloud Model 

theory to describe the subjective uncertainty of trust factors. A time-related backward cloud 
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generation algorithm has given to express the dynamism of trust. Furthermore, according to 

the trust model and algorithm, a formalized calculation approach was provided to evaluate the 

trust degree of services requestors in providers. Our experiment shows that the evaluation of 

trust degree can effectively support trust-decisions and provide a helpful operation for 

selecting services based on the viewpoint of trust. In their trust model, the reputation, 

trustworthiness, and risk compose the key computable factors supporting for trust-decision. 

To deal with the subjective uncertainty of trust, an author takes advantage of Cloud Model to 

define the computable factors. At the same time, they present a new time related backward 

cloud generation algorithm to generate the numerical characteristics of Cloud Model to 

express the dynamism of subjective belief of requestors. These numerical characteristics can 

rationally express the randomness and fuzziness of trust. According to the numerical 

characteristics, they propose some quantitative equations to compute the scores of computable 

factors and trust degrees. The final trust decision can be achieved through scores of the trust 

degree of services. However, our work is still preliminary and can be improved in the 

following aspects. 

1) The weighting method of temporal windows can be further improved to borrow some 

theory such as Recency Effect theory from the discipline of psychology. 

2) There may be malicious behaviour during the rating of reputation by some requestors. 

Some methods may be applied in our future work to identify and avoid these behaviours. 

3) A trust-decision-making system will be developed to integrate the trust model and 

evaluation approach in the future. The above paper will help to use some quantitative equations 

to compute the scores of computable factors and trust degrees for the model. 

Gediminas adomavicius, and youngok kwon [14] has introduced and explore a number of 

item ranking techniques that can generate recommendations that have substantially higher 

aggregate diversity across all users while maintaining comparable levels of recommendation 

accuracy. Comprehensive empirical evaluation consistently shows the diversity gains of the 

proposed techniques using several real world rating datasets and different rating prediction 

algorithms. Recommender systems have made significant progress in recent years and many 

techniques have been proposed to improve the recommendation quality. However, in most 

cases, new techniques are designed to improve the accuracy of recommendations, whereas the 

recommendation diversity has often been overlooked. In particular, we showed that, while 

ranking recommendations according to the predicted rating values (which is a de facto ranking 

standard in recommender systems) provides good predictive accuracy, it tends to perform 

poorly with respect to recommendation diversity. Therefore, they proposed a number of 

recommendation ranking techniques that can provide significant improvements in 

recommendation diversity with only a small amount of accuracy loss. In addition, these ranking 

techniques offer flexibility to system designers, since they are parameterizable and can be used 

in conjunction with different rating prediction algorithms (i.e., they do not require the designer 

to use only some specific algorithm). They are also based on scalable sorting based heuristics 

and, thus, are extremely efficient. They provide a comprehensive empirical evaluation of the 

proposed techniques and obtain consistent and robust diversity improvements across multiple 

real-world datasets and using different rating prediction techniques. This work will gives rise to 

numerous interesting directions for future research. In particular, additional important item 

ranking criteria should be explored for potential diversity improvements. Django Armstrong, 
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Karim Djemame [15] was addressed QoS specifically in the context of the nascent paradigm 

Cloud Computing and propose relevant research questions. The objectives of their work were 

to discuss the confusion surrounding the term “Cloud”, the current consensus of what Cloud 

Computing is and the legacy bequest by Grid Computing to this emergent paradigm. Emphasis 

has placed on the state of QoS provisioning in Grids and the technology to enable it in Cloud 

Computing. Finally open research questions within QoS relevant to Cloud Computing were 

proposed and the direction of various future researches was envisioned. The current work has 

focused on the Cloud Computing is and the relevance of QoS in Clouds. The importance of 

Grid Computing heritage in Clouds has been explained and the relevance of past QoS research 

in Grids discussed. The motivation behind, concepts, technology, projects and the state of QoS 

in Cloud Computing have been reviewed. A vision of some of the problems surrounding QoS 

in Cloud Computing has constructed through the proposition of open research questions. This 

work will help us to study the Cloud Computing and the relevance of QoS in Clouds. 

QingtaoWu et al [16] has satisfied predictions about the composition of cloud-service 

components and present a QoS-satisfied prediction model based on a hidden Markov model. In 

providing a cloud-based service for a user, if the user’s QoS cannot be satisfied by a single 

cloud-service component, component composition should be considered, where its QoS-

satisfied capability needs to be proactively predicted to be able to guarantee the user’s QoS. 

The authors also discussed a proposed model in detail and prove some aspects of the model. 

Simulation results show that the developed model has achieved high prediction accuracies. A 

match between cloud-service components and users’ QoS is therefore very important if user 

experience is the basis for promoting the development of cloud computing. If no single cloud 

service satisfies the user’s QoS perfectly, a composition of multiple cloud-service components 

should be considered, which should also include predicting the QoS satisfaction of the 

composite service. This paper presents a QoS-satisfied prediction model based on an HMM to 

assess the QoS-satisfied capability for compositions of components. In future work, authors 

will suggest introducing heterogeneous cloud services into the system and developing the 

prediction model to make it a better fit with real applications. This work will help us how to use 

the user experience for promoting the development of cloud computing. If no single cloud 

service satisfies the user’s QoS perfectly, a composition of multiple cloud service components 

should be considered, Paulrani.A, M.Gomathy Nayagam [17] Multiobjective Qos optimization 

Based on multiple workflow Scheduling in cloud environment” has schedule the services for 

Multiobjective QoS Multiple work flow in Cloud Environment (MQMCE) based on more than 

three QOS requirement such as time cost, reliability and availability. It evaluates performance 

for various test cases with different number of workflows and different set of QoS parameters 

for each workflow. The MQMCE results was the improved recital from the existing method 

such as reducing time effect, reducing cost effect as well as increase reliability and availability 

in a single objective manner. The Multiple QoS Constrained Scheduling Strategy of Multi- 

Workflows (MQMC) attains the customer’s multiple QOS constraints such as execution time, 

executions cost as well as schedule the workflows dynamically. In existing algorithms, they 

concentrate only on cost or time or both but not concentrated on reliability and availability. In 

this proposed algorithm satisfy the multiple QOS like time, cost as well as reliability and 

availability. This lead the scheduling is done by customer’s multiple QOS requirements in a 

single objective manner. The above paper will help to use Multiobjective QoS Multiple work 

flow in Cloud Environment (MQMCE) based on more than three QOS requirement such as 

time cost, reliability and availability. 
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Bin Xu et al [18] has found that two users with similar tastes on one item subset may have 

totally different tastes on another set. In other words, there exist many user-item subgroups 

each consisting of a subset of items and a group of like-minded users on these items. It was 

more natural to make preference predictions for a user via the correlated subgroups than the 

entire user-item matrix. In their work, to find meaningful subgroups, they formulate the 

Multiclass Co-Clustering (MCoC) problem and propose an effective solution to it. Then they 

propose a unified framework to extend the traditional CF algorithms by utilizing the subgroups 

information for improving their top-N recommendation performance. Their approach can be 

seen as an extension of traditional clustering CF models. Systematic experiments on three real 

world data sets have demonstrated the effectiveness of the work. User-item subgroups can help 

to capture similar user tastes on a subset of items. In their work they explore a new improving 

space for collaborative recommender systems – utilizing user-item subgroups. This was a 

natural extension of traditional clustering CF models. Experimental results show that using 

subgroups was a promising way to further improve the top-N recommendation performance for 

many popular CF methods. They expect that the exploration can attract further research or 

practice on the topic of clustering CF model. Future works are needed in two main aspects: one 

is to find better user-item subgroups and the other was to design new methods to fully utilize 

subgroups. The present work helps us to we explore a new improving space for collaborative 

recommender systems – utilizing user-item subgroups. Debajyoti Mukhopadhyay et al [19] has 

Proposed layered architecture and Web Service-Cloud, i.e. WS-Cloud computing Framework 

synthesizes the non functional attributes that includes reliability, availability, response time, 

latency etc. The Service Consumer is projected to provide the QoS requirements as part of 

Service discovery query. This framework will discover and filter the Web Services form the 

cloud and rank them according to Service Consumer preferences to facilitate Service on time. 

This work presents a QoS framework for effective WS-Cloud Computing. The goal of the QoS 

in agent is to support advanced Web Service Discovery with QoS applied in registration, 

verification, certification, and confirmation. The uniqueness and consequence of WS-Cloud 

computing work are mentioned in two ways. Firstly, by introducing the idea of applying service 

matching, ser-vice ranks and service filtering, using QoS non functional attribute that forms an 

effective cloud manageability property that gives rise to meet Consumer needs and while also 

organizing Cloud resources. Secondly, on perspective of Cloud Computing, contribution was 

the effective approach for facilitating QoS based Cloud Service Discovery, Service 

Negotiation, and Service Composition. The present work helps us to support advanced Web 

Service Discovery with QoS applied in registration, verification, certification, and confirmation 

 

  PROPOSED FRMAEWORK 

 

Figure1 shows the system architecture of proposed Cloud Rank framework, which provides 

personalized QoS ranking prediction for cloud services by making most sympathetic service 

selection. Fig. 1 shows that the clients can obtain service ranking prediction of all presented 

cloud services from the Cloud Rank framework by providing realistic QoS values of some 

cloud services. More precise ranking prediction results can be achieved by providing QoS 

values on more cloud services, the proposed Cloud Rank framework will divide into three 

main modules namely correlation module, twin clustering module and QoS prediction 
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module. Fig 2 and fig 3 shows the proposed cloud rank1 and cloud rank 2 algorithm form the 

QoS prediction in the web- services application. 

Comparative Analysis of the Research Work 

  From literature review it is observed that the approximate Markov chain model Provides high 

degree of accuracy but does not suitable for burst arrivals. Cloud Monitoring System for QoS 

Failed to calculate communication cost. In AHP based ranking mechanism non quantifiable QoS 

attributes are not used. QoS-aware service selection algorithms Service Provisioning problems 

are not overcome. Profit Balancing and pricing model for QoS Utilization is not considered for 

computational cost. The various approaches used are as follows  

 UMEAN (User mean): This method used a service user’s average QoS value for the used 

web services application to predict the QoS value of the unused web services. 

 IMEAN (Item Mean): This method used the average QoS values of the web 

services(items) observed by the other service user to predict the QoS value for a service 

users who never used this web service previously. 

 UPCC (User- Based collaborative filtering method using Pearson correlation coefficient): 

This method employs the similar users for the QoS value prediction. 

 IPCC (Item- Based collaborative filtering method using Pearson correlation coefficient) : 

This method employs the similar web services (items) for the QoS value prediction 

 UIPCC (user and Item- Based collaborative filtering method): This method employs the 

similar user and the  web services (items) for the QoS value prediction. 

 NMF (Non negative Matrix factorization) : This method enforced the constraint that the 

factorized factor must be non negative. 

 PMF (Probabilistic Matrix factorization): This method uses the user – item matrix for the 

recommendations and it is based on probabilistic Matrix factorization. 

                    The most effective approach of the personalized web service ranking is to evaluate 

all the web services at the user side and rank the web services based on observed QoS 

performance. But this approach is impractical. 

  To overcome this issue we propose a ranking – based QoS prediction framework to 

predict the quality ranking of web services.  
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Fig. 1.  Proposed system architecture for cloud Rank framework. 

Advantages of the Proposed Work 

The ranking-based QoS prediction approaches aim at predicting the Cloud service QoS values 

for different service users. These predicting approaches are also named rating-based approaches. 

The predicted QoS values can be employed to rank the target Cloud services. The advantages of 

the proposed QoS Ranking based approach are as follows  

 The Services in cloud can be ranked according to their performance. 

 The complete cloud infrastructure can be enhanced by knowing the QoS of different 

services in cloud. 

 The low performance point of service can be detect using this approach. 

 The resource compatibility of cloud can be identified by this approach 

The proposed ranking – based prediction framework for web services. By taking the 

advantages of the past user experience of the other users, our proposed ranking based approach 

identifies and aggregates the performance between pair of the web services to produce the 

ranking of web services. 
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Fig. 2.  Execution of proposed cloud Rank1algorithm. 

 
 

Fig. 3.  Execution of proposed cloud Rank2 algorithm. 
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CONCLUSION AND FUTURE SCOPE 

 

Literature review shows that the cloud computing is becoming popular. A number of works 

have been carried out on cloud computing, including performance analysis, market-oriented 

cloud computing, management tool, workload balance, dynamic selection, etc. Quality-of-service 

has been widely employed for presenting the non-functional characteristics of the software 

systems and services. QoS of cloud services can be measured from either the client side (e.g., 

response time, throughput, etc.) or at the server side. For QoS prediction this paper proposed a 

personalized QoS ranking prediction framework for cloud services, which requires no additional 

service invocations when making QoS ranking. By taking advantage of the past usage 

experiences of other users, the ranking approach identifies and aggregates the preferences 

between pairs of services to produce a ranking of services. The proposed system will be used to 

personalize QoS ranking prediction framework for cloud services. The QoS prediction will be 

based on the past uses experience of the user. The proposed ranking prediction approach 

identifies and aggregates the preferences between pairs of services to produce a ranking of 

services. Two ranking prediction algorithms will be used for computing the service ranking 

based on the cloud application designer’s preferences. For future work, we would like to develop 

a standard API i.e. Application programming interface and some properties which can use & 

integrate for any type of cloud services like private & public with minimal settings. 
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